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High entropy
aé S =1{1,...,s} set of AOIs, with s = |S]
x ={xg,..., % Ti11,...,Ln} sequence of observed AOIs
x| should be manageable as should (m x n) number of AOIs

Ambient movement. Focal movement

Real-time computation is similar to a windowed

approach.! However, an instantaneous estimate relies
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on updating fixation duration and saccade amplitude

depending on the classification of the current gaze

point, as shown above. -

Logistic Model of the I Coefficient

Low entropy
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Normalization is achieved with the use of the logistic oo
: . : : : : O Chtropy
function, similar to the squashing function using in
2 . . .
neural networks. The present implementation corrects an earlier

assumption when no particular transitions were
observed,” however, it is preserved when no transitions
are observed at all.

Conclusion & Future Work

Both metrics require validation and tests of utility. Both metrics are suitable for context-free implementation by eye
trackers lacking a scene camera. A possible improvement to entropy computation is consideration of a weight
function.* Many applications are envisioned, falling under the auspices of human action recognition. >
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